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Data Greenhouse: System Architecture
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Data Greenhouse: Basic \Workflow
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Solution for Physical Al Dataset

Pebblous

O|X|ZAIE flet Z20EHE [ H|O|E — Hyper-Synthetic Data for Physical Al

Gartner

Emerging Tech: Tech Innovators in Hyper-Synthetic
Data for High-Fidelity Imaging

23 June 2025 - ID G00825904 - 26 min read

By: Nick Ingelbrecht, Vibha Chitkara, Tuong Nguyen, Kiumarse Zamanian, Ben Lee
Initiatives:Emerging Technologies and Trends Impact on Products and Services; Increase
Product Traction

The surge in demand for computer vision training data is driving
the adoption of hyper-synthetic data (HSD) solutions. Product
leaders should capitalize on this emerging Al race opportunity by
identifying and integrating high-fidelity spectral imaging
innovations into their product roadmaps.

More on This Topic
This is part of an in-depth collection of research. See the collection:

Emerging Tech Roundup: Navigating Emerging Disruptions and Challenges Ahead

PHYSICAL Al

Intelligent environments that
sense, understand, and act.

B

Sense Understand Act

Capture Analyze Trigger
real-time and simulate intelligent
data actions
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Pebblous Moat for Autonomous Data OS Pebblous
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